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* Among the existing models, the best-performing models for LC incidence and mortality
across the four subgroups (female non-smokers, female smokers, male non-smokers,

» Current lung cancer (LC) screening

criteria are inadequate for identifying high- | | ~\ctionable Take Away Message

risk individuals in Asian never-smokers * Sex-Smoking-specific machine and male smokers) were different (Figure 1).

and women. learning Lung Cancer prediction + The machine learning algorithms with the largest AUCs for each subgroup were selected
- Most published LC risk models were model developed in large Chinese to construct SSLC. SSLC showed better or comparable discrimination as compared to

developed in Western populations, and cohorts showed improved the previously published models (Figure 2).

their performance in Chinese populations discrimination and calibration, * In mortality prediction, SSLC achieved lower Brier scores than the published models in

across subgroups defined by sex and whereas existing models showed all strata; in incidence prediction, calibration was better in female smokers and broadly

comparable in the remaining subgroups.
» Decision curve analysis further suggested that the SSLC provided clinical benefit across
subgroups, particularly for mortality risk prediction.

smoking status remains unclear.
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* These findings support the : |

marked variation in performance
across subgroups.
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