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Dynamic tumour signal captures treatment-related remodelling. changes.
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Clinical output is an individualized MPR / non-MPR probability before Clinical interpretability is retained before fusion: each prediction can be interrogated at the Adjusted HR 0.466/0.372/0.268 cycles.
surgery. tumour, feature and module levels. Designed as an interpretable adjunct to RECIST—not a replacement for
multidisciplinary judgement.

DeepHTD integrates dynamic tumour evolution with systemic host immunometabolic response, providing accurate and interpretable interim
prediction of pathological response beyond RECIST. Funding: NSFC 82370028, 82422001; Zhejiang
‘Jianbing’ and ‘Lingyan’ Programme

Limitations: retrospective; Chinese and male-predominant; small Test 2 (n=25); prospective international, multiethnic validation and workflow calibration are required. 2026C02A1127; NCD National SZ%EE%%%Z;%SSJ[
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